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Abstract

In this paper we investigate the existence of neggbbless duration dependence and the
impact of jobless spells on future wages. Our figdi are relatively out of line compared to
analogous explorations. We find evidence of ueng unemployment duration of the young
male labor force, much higher than reported amgyetelse in Western Europe. Despite our
findings on unemployment duration, negative unemplent duration dependence is modest.
While the probability of re-employment decreasews ah Italy as elapsed joblessness becomes
longer, such decay is small. Finally, we show ty@ing Italian males experiencing jobless
periods in their early careers face small re-empkent wage losses. Such losses do increase
with the duration of joblessness, but here, on@naghey are lower than reported in Unites

States, Canada, UK, France and Spain.
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1. Introduction

The aim of this paper is to answer to the followaqgestion: "do youth jobless spells
impact on employability and future wages in Italy?”

The problem of European unemployment has spurrdcharense amount of academic
literature. In the 1970s the European unemploymeet started to rise sharply. From the mid-
1980s until 1990, it gradually fell although émained still higher than the early 1970s. Large
differences in unemployment trends were observedsacEuropean countries. The European
unemployment problem is magnified when focussegauth workers: youth unemployment
ranges from 18-23% in France, Italy and Spain & ldte 1990s (Howell et all., 2006). The
incidence of youth unemployment has been relateth¢o effectiveness of the educational
system at easing the transition on from school tokw(see, for instance, OECD, 2000), to
labour market institutions (such as unemploymentefits for the young, minimum wages,
labour cost and flexibility, etc.), to the roletbe family at providing income support (Bentolina
and Ichino, 2000), and to the evolution of the treéasize of the youth population (Korenman
and Neumark, 2000).

Youth unemployment raises special concern in retaits detrimental effects on long
term welfare. A number of empirical studies oftht.S. and European countries suggest that
the employability of jobless persons deterioratesteir joblessness persists. Blanchard and
Summers (1989), Layard and Nickell (1987), Machid &anning (1999), all emphasize the
adverse effect of long term unemployment on humegpital, skill obsolescence and stigma.
The negative relationship between the durationoblejssness and the probability of being
rehired persists also when selection issues retat@rkers’ heterogeneity are included in the
analysis (Van den Berg and Van Ours, 1994 and 19B&glli and Trivellato (1989) study
youth unemployment duration in Italy, confirmingtst dependence. Ordine (1992) also reports

evidence of state and duration dependence for pege Italian unemployed and first-job



seekers. Recently, Addison, Centeno and Port@gil4) offer new evidence that the hazard
function exhibits strong negative dependence irEtia5s.

Workers experience wage cuts after long unemploys@ells. These could be related
to reservation wages guided by low unemploymenefiesnor due to the depreciation of general
and specific human capital skills during unemplogimeFarber and Gibbins (1996) focus on
the signaling problem associated with job losspldisement may be particularly costly if it is
used by prospective and future employers as a Is@nbad worker performance. Previous
literature on the United State (Ruhm, 1991; Addiand Portugal, 1989; Topel, 1990; Jacobson
et al, 1993; Farber, 1993 and 1997; Seninger, 188@)Canada (Houle and Van Audenrode,
1995) indicate that joblessness leads to wageesosf an order of magnitude of 10% to 15%.
Kletzer and Fairlie (2003) find that the earningssl of young workers after re-employment are
also substantial, although smaller and less pergighan those observed for older and more
established workers. Wage losses in EU couldisterted by wage rigidities, but evidence is
still insufficiently conclusive and new studies amcessary. Among the existing contributfons
Gregory and Jukes (1997), Cohen, Lefranc and Fant-(1997) and Rosolia and Saint-Paul
(1998) analyse the impact of joblessness on re-@m@nt wages using respectively British,
French and Spanish data: the wage loss of digplaoekers in France and UK is similar to the
one observed in US, while it is higher in Spai@n the other hand, Addison, Centeno, and
Portugal (2008) report that there is scant evidarfa decline in reservation wages with longer
joblessness in the EU15. Contini and Villosio (@P@eliver, instead, results in line with the
weak evidence of unemployment duration on re-emmplyt wages found here: using
microdata from the same source as this paper.sihggest that prolonged unemployment spells
in Italy have a modest negative impact on the wggeith of white-collar employees (up to 2.5
p.p. for a six-month spell), very glit on the blue-collars’.

Our focus is on the Italian labour market. The @érof analysis is the late 1980s and
the early 1990s. As explained before, the laboarket was characterized by high and

persistent youth unemployment, while the traditignagid labour market institutions were

! Other interesting studies are Lefranc (2003) Ama #&arcia-Perez (2002) and Garcia-Perez and
Rebollo-Sanz (2006)



undergoing change. A reform aimed at introducirgiBility was enacted in 1997 (Pacchetto
Treu); its main innovation is the “contratto di ledorazione continuativo” (“co.co.co”), a
mixed form of dependent work and self-employmemdt delivered considerable flexibility and
cost savings to the employers, and much less $gtarihe employees.

Moreover the 1989-1998 period is a particulankgiiesting time window as it contains
an entire business cycle, from the boom of the 1880s to the deep recession of the early
1990s. We analyze jobless duration and post jebéss wage loss in Italy from October 1989
to December 1995, focusing on youth males who Hasg a relatively significant work
experience and job attachment.

Two issues are faced in this exploration. Fisst,investigate the existence of negative
jobless duration dependence.  This provides thasbfor a better understanding of the
mechanisms that produce employer stigmatizatioscadiragement, and human capital
depreciation over the course of joblessness. rkowe investigate the impact of jobless
duration on wages, addressing the issues of delftsm into employment and the endogeneity
of jobless duration. The analysis provides prilary signals of the jobless effects on the
welfare of the young people in the longer term. piioal analysis is based on WHIP (Work
Histories Italian Panel), a unique employer-empéolieked panel database which represents a
very detailed source of information on the workiigtories of Italian employees.

According to a recent paper by Tatsiramos (2008 average Italian unemployment
duration for no-benefit recipients in the Ninetigas about 12 months: 55.3 per cent of non-
recipients in Italy were reported unemployed atenonths, and 35.2% were still unemployed
after 12 months. His estimates are based on E\G-Sihta.

In this paper we provide new and more dramatidenge on very long unemployment
duration of Italy’'s young male Ilabor force: time course of the Nineties 40% of the
unemployed had yet to find a job 36 months aftdryein the jobless state. This share was
down to 33% for those aged 16-19 on their first jid reached 51% for the late starters (over
26). These numbers imply much longer unemployrderdtion than reported anywhere else in

Western Europe. In addition, our results confithe existence of negative duration



dependence of young Italian males, although toughmwveaker extent than all the above
mentioned contributions.

The paper’s contribution to the existing literatig¢hreefold. Firstly, as already
mentioned, we provide new and more dramatic emideon very long unemployment
duration of Italy’'s male labor force, much longban reported anywhere else in
Western Europe. Secondly, our results confirm ékistence of negative duration
dependence of young Italian males, but to a weakdent than other known
contributions. Thirdly, we offer new econometric evidence be tdverse effects of a
period of joblessness on young Italian workers’ emagpon re-employment.  Also on this
score, our results indicate that youth experigngobless periods in their early careers face
significant, but small re-employment wage los&h losses do increase with the duration of
joblessness, but, in line with other reported défees, they are much lower than those
observed in Unites States, Canada, UK, France pamhS

These findings are novel and relevant for the desigemployment policy and for a
better understanding of the effects of the Europeaemployment problem on the future
welfare of young workers. Low unemployment dunatdependence and modest job losses at
re-employment may be good news, but they are badmved by the bad news on the length of
unemployment. Here is where the real problem liggerhaps not a great discovery, but
certainly important to re-address policy instrunseaimed at easing the tensions that run
through the Italian labor market.

The paper proceeds as follows. Section 2 provié¢aildd information on the data. In
section 3, we illustrate the model used in subssgparagraphs. In section 4, we present the

main empirical findings. Finally, section 5 brieftpncludes.

2. Definitions and data



We use the Work Histories Italian Panel (WHIP) eamployer-employee linked panel database
developed by Italian Social Security administratigeurces. The WHIP dataare a
representative sample of the population of emplsyeé the private sector (agriculture
excluded), apprentices, self-employed, atypicah{siandard) contracts, as well as all public
employees working without tenure (nowadays alm@St Sf the young public employee$)
The sample - population ratio is 1:90. WHIP obsgoves start in 1986 and, as of today, end in
2003. For reasons explained below we limit analysithe 1988-1998 decade. The ltalian
Social Security Administration (INPS) collects datzth on individual employees and firms for
institutional purposes.The reference population is made up of the allviddials — Italian and
foreign — who have been regularly employed or esiployed. Firms pay social security
contributions to INPS for all workers on payrollata are recorded on a monthly basis, and
therefore working spells can be precisely recoottdi The WHIP database contains
information on worker age, professional categongustrial sector, length of employment
spells, geographical location, working contract aimonthly wages  In administrative
archives, information not related to the specifiderest of the Italian Social Security
Administration (i.e. marriage status, children,.ets not present. On the other hand, the
coverage and accuracy of administrative archivemaiabe matched in any other dataset.
Neither out-of-the-labor-force people, nor the uptyed who are not eligible for
unemployment benefits appear in the INPS files.

We use data from January 1985 to December 1998.ileWore recent data are
available, we focus on this period as it coversobrervation period centered around years
immediately preceding and following the 1993-94emsion. The Treu Reform of 1997
introduced new atypical contracts (“co.co.co”, i wf dependent work and self-employment

which allowed great flexibility): while the “co.am” working spells are reported in the WHIP

2 The WHIP is public use database. $#p://www.laboratoriorevelli.it/

% Social security contributions of the public secte paid to a different institution (INPDAP). In
principle INPDAP ought to have the same data a$iaitaSocial Security Administration, but,
unfortunately, the INPDAP data warehouse has ndamn completed and precise data on public
employment are non-existent. The (unofficial)italcount is based on Labour Force Survey data.

* Monthly wage is computed using information aboenyy wage and the number of days worked during
the year. The yearly wage is divided by the nundfeddays and multiplied by 26 days. Real monthly
wage is computed in the standard way.



database, earnings data are not available. As rsegoence we exclude them from
investigation as they would considerably fuzzy thieture that we obtain. The loss of
information, however, is small as the utilizatiohthe new contract became important only
toward the end of 1998.
Exits from the databases reflect transitions frompkeyment to non-employment or
unemployment. In principle, we do not have anyitaih problems because, once a certain
group of individuals is selected, it is possiblddiiow them over the entire working life. There
are, however, few exceptions:(i) movements fronvagid to public activities go unrecorded if
the job switch is accompanied by full tenure in public sector (a very rare event for young
people in the last twenty years) (i) shifts from employment to school go alswrecorded. If
they are temporary, they will be followed by rarg in the labor market some time thereafter,
in which case no information is lost. The casaofre-entry is the exception. Exceptions (i)
and (ii) involve a small number of individuals. staad exception (iii) - moves from regular
employment into the parallel, hidden economy — amesumably frequent especially among
individuals with certain characteristics — possjdlyw educational attainment — but they are
undetectable by definition
As in other studies on the employability of youtigplaced worker¢Topel and Ward, 1992;
Kletzer and Fairlie, 2003Wwe restrict attention to individuals at the vergipming of their career,
exhibiting a relatively high attachment to the labwarket. In order to meet these requirements,
our sample includes young male employees (aged} 648 the following characteristics:

- absent from the WHIP database in the 1985-88 thimdow: this insures that the job
observed starting in 1989 is one’s first workingpesience;

- first working experience between January 1989 aackeihber 1993;

- employed for a period of 9 up to 23 months;

® This exclusion includes also to thailitary and police services. On the other handviiaidials in
draft age, employed by the same firm before anek dfte ten-month period corresponding to
mandatory military service are considered as retyusmployed throughout. Usualiydividuals
complete military service before entering the labmarket. Military service was mandatory until 299
and then become voluntary. The Ministry of Defemstimates about 20 thousand /year new entries,
about 0.5% of the Italian male population 20-2€ Bss than 3% of the total number of young eniries
the labor market.



- started a jobless period between October 1989 aoeiber 1995.

The reason for excluding individuals with workinge#is longer than 23 months is
twofold: (i) we wish to observe working historiésr 36 months after involuntary
separation; (ii) only doing so can we exclude adipients of unemployment benefits:
we would, otherwise, risk to observe some andifgpout others, with no possibility to
control.®

The idea of restricting attention to the “relativelttached” workers (those with
initial employment spells at least equal to 9 mehtilows to make our results comparable with
other studie$ Such a selection may introduce an “optimistigishin our results. On the other
hand, the exclusion of those who had a workingl $peger than 23 months may also introduce
selection in the opposite direction, as many o$¢heould be “very good” workers.

In addition, analysis ought to be restricted toivithals who have experienced
involuntary separations. In order to single owbinntary separations, we exclude all the job-
to-job movements and the job switches that takeepigithin the same month. Thus, in first
instance, we consider as involuntary all separatibat last at least one mofithBut we also
test our results using a stricter definition of oluntary separation (lasting at least three

months), obtaining only minor changes in the tssigee par. 5).

® Complete information on “unemployment benefieis’ is not available in WHIP. Unemployment
benefits were seldom granted in the Nineties, #ithexception of the construction sector. Workers
were instead eligible for tor temporary layoff bétse (C.I.G.S. Cassa Integazione Guadagni
Straordinaria), when unemployment exceeded 24mon@I&S payments are, instead, recorded in
WHIP, involving about 3% of the sample individsial

" In order to define labor market attachment, othethors have used tenures slightly longer than 9
months (e.g., by Topel and Ward, 1992; Kletzer Baidlie, 2003). In our view, nine months is a
reasonable long period to signal a sufficient degreattachment (while, the risk of capturing skertm
employment before a return to formal schoolingraining is negligible).

8 The difference between quits (voluntary sepanslicand layoffs (involuntary separations) is always
very problematic in applied economics. Layoffs garstigma that may often lead interviewed people n
to report them in surveys, or to instead reporud. gAdministrative data may be more reliablehgt
payment of unemployment benefits is individuallpoged (as already explained, in our sample few
workers are eligible for such provisions). In LE®€¢ surveys employers may be unwilling to report
correctly: for example, in the early 2000 Fiat dissed over 20 thousand workers, 25% declared layoff
and 75% quits. But all the reported quits were ¢éat resignations” accompanied by a generous
severance payment made conditional to the acceptrdismissal (reported by national press)..

8



Our final sample includes 2318 workers whose waykimstory is followed for 36
months’ The average elapsed period of joblessness ist &omonths (and about 10 months
for the sub-sample of individuals re-employed bg #nd of the period of study). For more

details on sample composition see Table 1.

3. The Model
3.1 Transition out of joblessness

We analyze the duration of joblessness with a vigwinvestigating the
existence of negative duration dependence andd#rstanding which factors influence
the transition path. Negative duration dependenag be produced by declining job
offer arrival rates, increasing reservation wage&nd from an adversely shifting wage
offer distribution (Addison et al. 2004). An altative, while not exclusive,
explanation suggests that negative dependencebmayconsequence of sorting of the
more employable among the jobless workers. Wee augliscrete-time hazard rate
model (i.e. Narendranathan and Nickell, 1989; Jenkind Garcia-Serrano, 2000). In
particular, we consider all individuals from the mment they become jobless and are
likely to exit thereafter. The probability of persbof being re-employed after t months,
given that he has been jobless for t-1, is assuneed to be a standard logit hazard

function:

1) hic = explxi’ B+y())/(1+expki’ B+y(t)])
where x;; is the vector of (time-constant and time-varyirgvariates,f is a vector of
parameters to be estimated afft) is some functional form of how the durationtb& spell

affects the hazard rate (baseline function). Fer Iditer, we initially use a linear log-time

® Of the initial sample of 3199 individuals, abot are re-employed with atypical contracts and 16%
become self-employed. Therefore, our sample isesspitative of the population of young males
experiencing jobless periods and currently lookiog jobs. We disregard, for the time being, the
potential impact of multiple spells.



specification. In second instance, we use a flexdpecification (duration-interval dummies) in
order to avoid the potential estimation bias du¢hto specific assumption of the form of the
baseline function (Meyer, 1990). Estimation of thmdel parameters can be done using
standard software applied to a re-organized data sehich, for each person, there are as many
data rows as there are time intervals at risk efabent (Allison, 1982; Jenkins, 1995; Jenkins
and Garcia-Serrano, 2000). Since individuals migiffer in unobserved terms like ability,
effort, and taste and these differences could neroanstant over time, we include unobserved

heterogeneity in the specification of the hazate.ra

3.2 Post-jobl essness wage analysis
The impact of joblessness on earnings of indivisluaio re-enter the job market is estimated on

the following specification:

(2)  10g(W) =2z, Ya + 0alog(t) +Balog(wp) + e

where log(w) is the logarithm of the post-joblessness real tigrwage,z, is the vector of the
explanatory variables that influence the post-jeffess wages but not the pre-joblessness
earnings (i.e. attributes of the new job, chandesdustry, working area and occupation, and
actual local unemployment rates), log(t) is theakithm of the elapsed joblessness duration (in
months) and log(y is the logarithm of previous job earnings. Thé&neation of the above
equation raises two main econometric issues: seteahd endogeneity.

Selection problems arise as a considerable fraatiothe jobless individuals were not re-
employed as of December 1998. For such individti@seffects of the determinants of post-
joblessness earnings could be systematically eéfftefrom those of re-employed people. The
conventional two-step selectivity adjustment pramed proposed by Heckman (1979) is

implemented, leading to consistent parameter esBndVe also use the suggestion of Hill,

10



Adkins, Bender (2003) to calculate correct staddarors in presence of heteroskedastitity
Heckman-type selection models normally need attleag “extra” explanatory factor that
influences selection but not the subsequent outaoiieterest. Often such “extra” exogenous
variable is not available. This is our case: li@ea elements affecting selection will also affect
the length of the unemployment spells (althoughesamay not affect post-jobless wages). The
Heckman selection models are also estimable withimaitextra variable, with results resting
only upon the distributional assumptions of thedweals rather than upon the variation in the
explanatory variable (Sartori 2003; Liao 1995). spite the concerns expressed by Dufour and
Hsiao (2006) on violations of the distributionabasptions, model identification based solely
on distributional assumptions appears reasonablenexter valid extra variables are not

available.

The endogeneity problem is created by the potéynsahultaneous determination of acceptance

wages and jobless spell length. The complete mxzatebe written as

log(W) =Za Ya + 0al0g t + 4 log(Wp)+ Ua (3
log(t) =z ya + Ba log(Wp)+ Uy 4)
emp=1 if @ZeVYie+Pelog(Wp)+ u>0) ()

The first equation is the structural equation @f #tceptance wage at re-entry (2); the second is
the linear projection of the endogenous joblesd &regth; the third equation is the selection
equation. The latter yields the inverse Mill&io. Thus, the variables log@y z, z, andz
represent the exogenous variables, while log(thesendogenous variable,,0z, Ba Yo Bas Yie

Be are the parameters to be estimated.

The vectorz, includes dummies reflecting changes in occupasentor, and working area, year
dummies, log unemployment rates and the inversésMdtio. It does not include attributes of
new jobs as controls as they may be endogenous.v@hable emp is a binary variable

indicating employment status and the vedpmcludes variables for previous job attributes.

Y In particular, we use the White (1980) heteroskéidiay consistent estimator of the variance-
covariance matrix.
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We also assume. distributed as a N(0,1), and orthogonality betwten error terms and the
variables included in the vectay.

Identification of the structural equations (3) addl requires exclusion restrictions, namely at
least one variable (instrument) correlated with ¢hasal variable of interest, the spell length
log(t), but uncorrelated with any other determisasitthe dependent variable.

The reform of the training-at-work contract legigla of 1994 provides valid instruments. The
training-at-work contractGontratto di Formazione Lavoro, CFL) started operating in 1985 to
enhance youth employment. The program granted gmdavilling to hire eligible workers a
substantial labor cost rebate consisting in a 588tiction of social security contributions and
automatic termination at the end of two years. e fnogram featured also an off-the job
training component. At the beginning, eligible peopvere workers aged 16-29. Several
reforms of the program took place over the yeBine main one, for our purpose, took place in
1994. Firstly, the age eligibility rule was exteddfrom 16-29 to 16-32. Secondly, employers
were allowed to hire new training-at-work workernsridg year t, only if at least 60% of the
CFL workers whose contract terminated in t-1 a@duere retained on a permanent basis. Thus,
the 1994 reform clearly affected the duration ofitounemployment with no impact on post-
jobless wages. We, therefore, use two instrum@énttuded in the vector) : (i) a dummy
equal to one if individuals are aged 30-32 in tlearg 1994-1998 (and zero otherwise) to
capture the extension of the workers eligibilitpda(ii) a dummy activated in years 1994-1998
to capture the introduction of the restrictive rale new CFL hires. Finally, the vectpalso
includes variables referring to previous job atités (i.e. occupation, type of contract, sector,
working area, year of separation, employment domtiollowing the suggestion by Kiefer and
Neumann (1979) and Hui (1991) according to whickt jzb experiences affect the distribution
and arrival rate of job offers (and, thus, the gsisl duration). These variables are not
statistically significant in explaining the posbjess wages, once other controls are added.
Therefore we exclude them from structural equaf®nand use them instead as additional
identifying instruments in equation (4).  Tesefsinstruments validity are presented in the

Tables APP_2 and APP_3 (Appendix).
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In the above model we do not account for the ptsslffects of unobserved job match or
individual heterogeneity. Unfortunately, we canngge standard methods to control for
individual heterogeneity without considering mukipspells. Thus, we follow the method
proposed by Topel (1986) and used by many othecgsi The idea is simple: pre-displacement
wages paid to the workers depend on their prodtictnd their (observable and unobservable)
characteristics. Thus, conditioning the post-joblesge equation on pre-displacement wages
(by constraining the coefficient on the pre-joblesgge to be equal to one), yields control for
unobservable worker characteristics as educatmalividual productivity and ability (Bartel and

Borjas, 1981).

4. Empirical results

4.1 Smoothed hazard estimates and cumulative re-employment rates by groups

Figure 1 displays the unconditional smoothed esén@ re-employment hazard from the
pooled data. The monthly re-employment hazaranegé increases over the first 9 months and
then decreases. This pattern may hide the exsstehdifferent groups of individuals: one of
“quickly re-employed”, with increasing hazard esiie, and the other of “slowly re-employed”
individuals..

Table 2 shows estimates of the cumulative proportd re-employed young males, with
breakdowns by groups. Periods out of work in eealeers are indeed very long. Although one
fourth of the unemployed was re-employed after étim® of joblessness, 40% had yet to find
a new position three years after entry in thegeblstate. This share was down to 33% for
those aged 16-19 on their first job, and reachéd 5ar the late starters (over 26). On the same
score, not surprisingly, individuals with a prewsorelatively long work experience (12-23
months) were doing better than those with shogeaure (9-12 months): 33% vs. 48% still
unemployed. As already pointed out, these numbgsly longer unemployment duration than
reported anywhere else in Western Europe.

Differences in cumulative re-employment rates avanfl between individuals working in

different geographical areas. Young workers ofrthiern Italy have the highest re-employment
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rates: after three years, 72% have been re-hiréeress the corresponding rate for their
Southern colleagues is 52%. This is in line wfié literature on Italy’s regional differences,
widely documented by many well known contributions.

The proportion of people remaining jobless is higler individuals who experience a
separation during the 1993 recessibn.Some of the differences conceal compositioncesfe
marked differences are observed across job seciorapations and working contracts: after a
three-year jobless spell, only 58% of individualgh permanent contract are re-employed,
against 68% of the individuals with training-atnwaontracts, and 67% of the trainees. Note
that, as will be discussed shortly, long unempleginduration does not necessarily imply

negative duration dependence.

4.2 Transition out of joblessness: logistic hazard regression model estimates

In this section, we investigate the factors thgtast on the speed of transition from joblessness
to employment. Fig. 1 shows the baseline hazandtion over the study period (36 months),
calculated without controlling for individual heteyeneity.? Fig.2 displays the estimated
Kaplan-Meier survivor function.

Table 3 yields the coefficients of a log(time) &lase hazard function y(t) = (g-1) t;
the estimates of (q-1) are presented for the poskmple and for the sample of workers
becoming unemployed in period t (with t=1989 t®89 without taking into account the
impact of unobserved heterogeneity. In table 4, present estimates of the ql,... g6
coefficients of a non-parametric flexible specifioa (with duration-interval dummies) of the
alternative baseline function

y(t) = g1 * month(1-6) + g2 * month(7-12) + ....... g6*anth (31-36) + covariates

1 Only few individuals suffered involuntary sepawatin 1989. For this reason we do not present

cumulative re-employment rates for displacementsiged in 1989.

12 A similar Kaplan-Meier baseline hazard is repdrin France by A. Terracol (2009): individualsavh
receive guaranteed minimum income (RMI) are congbavéh people who do not. As expected, the
baseline hazard of the latter slightly dominates fbrmer (i.e. it is a bit lower): after 12 monttie
surviving rate is around 50% (62% in our exploma}jcafter 30 months it is around 42% (25% in our
data).

14



with unobserved heterogeneity accounted for (coteplesults in tab. 5). While, as expected,
the estimates yield -q1™ > -g2* > ..... > -g6”, bapecifications suggest that negative
unemployment duration dependence is modest compargdat might have been expected
given the length of unemployment durati@ox A). The reference group includes individuals
aged 20-25 years on entry, blue collar workers wiaal permanent contracts in the
manufacturing sector of the Northwest, and expegdrseparations in 1989.

There are differences in re-employment probabilitéssociated with age, previous job
occupation and previous job sectors. The oldesvishabls (aged 26 or more) have lower re-
employment probabilities than the reference groumdividuals having training-to-work
contracts have a higher re-employment probabi#itgo individuals with a previous occupation
as trainees (“apprendisti’) have a higher probgbibf exiting unemploymentlinstead,
individuals with jobs in the service industry (emtethe financial sector) have lower
probabilities to be re-employed than in manufacmi(reference group). Longer job experience
leads to higher re-employment probability. Thewabresults confirm those reported in table 2
displaying the cumulative re-employment rates. ekpected, the estimated elasticity of the
hazard estimates with respect to the local unempbdoy rate is statistically significant and
negative (about -0.5): re-employment is lower job availability is lower. Local
unemployment rates are highly correlated with tleekimg areas, and, thus, we include in the
regression either the local unemployment rates @n8dl or the area dummies (model B). In
both specifications we find almost identical resulin particular, individuals working in
Southern Italy or the Islands (both high unemploytregeas) have the lowest probability of re-

employment.
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Table 3. Estimated duration dependence: log(time)dseline hazard function

Regression for each Estimated duration  Unobserved Covariates

displacement year: dependence heterogeneity
1989 -0.381* (0.189) no Yes
1990 -0.532** (0.057) no Yes
1991 -0.713** (0.052) no Yes
1992 -0.543** (0.055) no Yes
1993 -0.440** (0.064) no Yes
1994 -0.439** (0.080) no Yes
1995 -0.498** (0.159) no Yes

Pooling sample -0.567** (0.026) no Yes

Note: the covariates are the same variables usedbie 5

Table 4. Estimated duration dependence: non-paramat baseline hazard function

o

months 13-18
months 19-24
months 25-30
months 31-36

-4.671* (0.841)
-5.257** (0.844)
-5.229** (0.843)
-5.736** (0.848)

Pooling sample Estimated duration Estimated dumati
dependence dependence
Unobserved heterog no yes
Covariates yes yes
months 1-6 -4.048** (0.840) -4.189** (0.970)
months 7-12 -4.583** (0.841) -4.621** (0.971)

-4.637** (0.970)
-5.171* (0.972)
-5.117** (0.971)
-5.595** (0.976)

Note: the covariates are the same variables usedhie 5

Box A : how big is negative unemployment dependea®

Equation (1) yields the probability of person ikEing re-employed after t months, given that

he has been jobless for t-1 months.

unemployment dependence, we report rough boundsidf probabilities for the benchmark
individual, calculated from the coefficient estimatof tab. 3 and 4. For tab. 3 we use a linear
approximation of \(t)

dependence on the pooled sample ; for tab. 4 vke miaect use of the (q)-coefficients applied

obtained

to the duration interval dummies.

16

In order deehorders of magnitude of negative

from fig.2 and the estimated coéfit of duration




Pr[re-employed after T months| unemployed Tab. Tab.4 | Tab.4 | Tab.4
Coeff —

through T-1] 3 Coeff. | Coeff. +
1 sigma 1 sigma

T =3.5 (mid-interval 1-6 months) 0.015| | 0.101 | 0.23 | 0.453

T =15.5 (mid-interval 13-18 months) 0.010 0.16

T =27.5 (mid-interval 25-30 months) 0.006 0.042 | 0.11 | 0.237

Negative unemployment duration dependence
as shown by the difference of conditional prob&bst
Pr[re-employed after T months| unemployed til T-1]

Pr[re-employed after V months| unemployed til V-1]

T =35 V=155 0.005 0.07

T=35 V= 275 0.009 0.06 0.12 |0.21

Negative unemployment duration dependence appeaysnodest. All estimates of
Pr[re-employed after T months| unemployed througl], Whether obtained from the estimated
coefficients reported in Tab. 3 or 4, are smalor a short unemployment spell like T =3.5
the largest estimate of the re-employment proligbdoes not exceed 0.23. After a long
unemployment spell (V = 27.5 months = over 2 ye#ig)re-employment probability of 0.11
may seem reasonable. But the difference betweetwo is 0.12, which is indeed very small
to claim negative duration dependence. It meaasttte probability of re-employment after a
long unemployment spell (2 years +) is only twaelarge as the same probability after an
unemployment spell of 3.5 months, about 12 pighdr. A sizeable negative unemployment
duration ought to imply a much larger differencéween the two. Even if we stretch Tab. 4,
adding/subtracting one standard deviation to gtenated coefficients, the difference of 21
p.p. between the two conditional re-employment philifies is still too small to prove the

existence of strong negative duration dependence.
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4.3 Smultaneous estimation of post-jobl essness acceptance wage and e apsed job duration

Post-joblessness acceptance wage and elapsed ratboduare jointly determined and
simultaneously estimated by 3SL'S Identification requires exclusion restrictionsvo
instruments have been identified in par. 3.2, theierpretation being discussed while
presenting the results of the equation explainofidgss duration. Tab. 6 and 7 display the
complete results.

Two specifications have been estimated: in spetifia 1 the coefficient of elapsed
jobless duration is unconstrained, while in it @strained to 1 in specification 2 (as in Topel,
1989). Both versions deliver very similar resuldsside from the constrained coefficient.
Consider first the equation that explains postgebhess acceptance wage (tab. 6): an increase
in jobless duration of 10% will lower wages on thésequent job by 0.4% This implies, for
instance, that the doubling of jobless spell doraton average, from 6 to 12 months) will
reduce the wage at re-employment by a slight 4%¥6thfe average individual, it means a wage
reduction from 1565 euro to 1502 euroDeclining reservation wages / human capital
depreciation/ stigma effects may be associated Mitger jobless duration, but the Italian case
appears to be different from other cases. Oumated wage loss incurred by young males is
much smaller than the 10-15% estimated on the tetaking population in Unites States,
Canada, UK and France (Ruhm, 1991; Addison andigaiit1989; Topel, 1990; Jacobson et al,
1993; Farber, 1993 and 1997; Seninger, 1997; HanteVVan Audenrode, 1995 Gregory and
Jukes, 1997; Cohen, Lefranc and Saint-Paul, 19874% more, in line with results reported by
Rosolia and Saint-Paul (1998) and Kletzer andiEgR003). A plausible, underlying reason is
the existence in Italy of an informal wage flooeldw which people will not be hired: in fact,

Social Security and health insurance benefits eaatgd provided the employee’s pay
is above a minimum which, in the late Nineties, wgsivalent to about 50 eu / day.

The estimated elasticity of pre-jobless wages (wineely determined) is positive and

about 3.7%. Notable findings are the positive @ffeof changes in working area (about +10

13 post-joblessness acceptance wages have beeatsbpastimated also by OLS with and without
selectivity adjustment. Results and commentsitarésting differences with the simultaneous versio
are in Appendix.
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%) and occupational change (from 15% to 24%), dua switch to higher wage areas and
higher qualification. Sector changes have naoifaant effects on wages as in US studies,
showing minor wage losses for workers who switodustry. Also local regional
unemployment rates have no direct statistical Sganit effects. The estimated coefficient of
the inverse Mill's ratio is positive (in the uncorned version) and significant suggesting that
currently jobless individuals have greater wagsdsshan their employed counterparts: a signal
that both the duration and the selectivity argumesite capturing the (modest) impact of
declining reservation wage and human capital dégfen on post-jobless wages.

Consider now the equation of elapsed jobless durdtab. 7), whose predicted values
(expressed in log months) feed into the equaticecoéptance wages. All regressors are strictly
exogenous, and reflect the individual workers’ obables (previous earnings, age at
displacement, job and industry characteristics,kimgr area, displacement year). In addition
two identifying instruments are included, whicheditly impact on jobless duration, but not on
re-employment wage$. Both reflect changes in labor legislation: thestfis a dummy
activated when individuals are aged 30-32 andc#lendar year is 1994-1998 (<worker
eligibility extension 1994>): it captures the ension of age eligibility for training-and-work
(CFL) contracts, relevant for about 3% of the simbservations. The second dummy
(<employer eligibility criteria 1994>) is activatedn the calendar year is 1994-1998 and
captures the introduction of a new employers’ bilgy rule, restricting the utilization of
training-and-work contracts, and touching upon 1&%hhe observations. The coefficient of the
second instrument is positive and statisticallyngigant indicating that the introduction of the
new rule increases the length of unemployment itasestricts the numbers of training-and-
work contracts offered by firms. The coefficieffittioe first dummy has the expected negative
sign (although not statistically significant), segtng that the age extension could reduce
unemployment length as a larger number of yourgykers become eligible for training-and-

work contracts.

14 validity of the instruments has been testeddisflayed in Tab. A_2 and A_3.
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4.4 Robustness
We conclude with a robustness test aimed at chgosim definition of involuntary

separations. As explained in par. 2 analysis mxdude individuals who voluntarily separated
from their jobs. So far, involuntary separatioravédr been recognized as those of individuals
who experience a jobless period longer than ongmétere we re-estimate the model using an
alternative, more stringent definition whereby ilwdary separations are those associated to
jobless periods longer than three months. Thg different result is a slight increase in the
impact of jobless duration on re-entry wages: % 1@hcrease in jobless duration will lower

wages on the next job by 0.5% .All the remaining results are confirmed.

5. Conclusions

In this paper, we explore the mechanisms that p®diigma, discouragement, and
human capital depreciation in the course of jolless. In particular, we investigate the
existence of negative jobless duration dependendettze impact of jobless spells on future
wages. Our findings are, to some extent, surgisind relatively out of line compared to
analogous explorations in countries other tharyltal

First of all, we find strong evidence of very longemployment duration of the young
male labor force: in the course of the Ninet#% of the unemployed had yet to find a job
36 months after entry in the jobless state. Thae was down to 33% for those aged 16-19 on
their first job, and reached 51% for the late tetar (over 26). These numbers imply much
longer unemployment duration than reported anywbkse in Western Europe.

In second place, and despite our findings on uneympént duration, we find that
negative unemployment duration dependence is modedthile the probability of re-
employment decreases also in ltaly as the elgpbéess period becomes longer, such decay is

small.

15 The estimates of the model are available uponegqu
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Thirdly, we show that young lItalian males experiaggobless periods in their early
careers face slight re-employment wage losses. &isdes do increase with the duration of
joblessness, but here, once again, they are mugdr ldhan reported in Unites States, Canada,
UK, France and Spain. Our explanation for thedtakpecificity is the existence of a wage

floor below which people will not be hired as yheould lose the eligibility toSocial
Security and health insurance benefits: in the Niteeties the wage floor was set at
about 50 eu /day. Such floor is not a legal “mmimwage” as it exists in many other
countries, but it has similar consequences onoath$ of “regular” dependent work.
The new flexible contracts introduced by the 198@idlation (Pacchetto Treu) and
excluded from this exploration, are not subjecsitnilar provisions. As explained at
the outset, their exclusion does not impair thelltesof analysis, as their impact on
youth employment became substantial only sincdatiee1998.

A final note of caution: we have restricted attentito young workers
characterized by a relatively high attachment t ltbor market, reflected by the fact
that all the sample individuals have had an initratking spell at least 9 months long.
As pointed out at the beginning of our paper, thight introduce a dose of “optimistic”
bias in our estimates. Had we extended the amsatgsindividuals representing the
universe of young Italian males, in particular bbge who have had short initial
working spells, our results would look quite di#et, possibly more in line with the
estimates reported for other countri®s. This is an important task that we leave for

future research.

6 Preliminary evidence is reported in a yet unjsiteld script (B. Contini and E. Grand, 2010).
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Figure 1. Smoothed hazard estimate

Smoothed hazard estimate
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Figure 2. Kaplan-Meier survivor function (survivor in joblessness)
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Table 1. Descriptive statistics

;
40

Number of observations 2318| Previous job sector
Working area Industry 42.84
Northwest 25.33% Construction 24.81
wholesale. automotive and
Northeast 15.32%| repair 17.3
Centre 20.85% Entertainment 6.21
South 26.07% transportation. communication 2.2p
Islands 12.43% Finance 0.91
services. research and real
Displacement year estate 5.65
1989 4.31% | Previous job contract
1990 19.28% Permanent 79.26%
1991 23.47% training-at-work 20.74%
1992 21.48%| Previous job occupation
1993 18.29% Trainee 31.79%
1994 10.48% blue collar 53.15%
1995 2.67% white collar 15.06%
Age at initial period Previous job experience
16-19 years 37.62% 9-12 months 45.90%
20-25 years 41.50% 12-23 months 54.10%
real monthly wage: mean (std 1318
26 or more years 20.88%dev) (449)
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Table 2. Cumulative proportion of re-employed indivduals

Months
6 12 24 36
All 0.27 0.4 0.53 0.6
Working area
Northwest 0.33 0.45 0.62 0.68
Northeast 0.4 0.54 0.66 0.72
Centre 0.24 0.38 0.51 0.57
South 0.19 0.32 0.44 0.52
Islands 0.18 0.32 0.45 0.51
Displacement year
1990 0.3 0.43 0.6 0.66
1991 0.31 0.44 0.57 0.6
1992 0.29 0.4 0.52 0.61
1993 0.21 0.35 0.49 0.56
1994 0.25 0.4 0.54 0.65
1995 0.31 0.5 0.66 0.71
Age at initial period
16-19 years 0.26 0.41 0.59 0.67
20-25 years 0.28 4 0.52 0.59
26 or more years 0.27 0.37 0.45 0.49
Previous job sector
Industry 0.3 0.44 0.59 0.66
Construction 0.22 0.36 0.48 0.54
wholesale. automotive and repgir 0.26 0.37 0.51 0.57
Entertainment 0.28 0.41 0.54 0.58
transportation. communication 0.26 0.4 0.47 0.4y
Finance 0.33 0.48 0.67 0.67
services. research and real estpte 0.4 0.87 7 04 0.54
Previous job contract
Permanent 0.25 0.38 0.52 0.58
training-at-work 0.34 0.46 0.62 0.68
Previous job occupation
Trainee 0.28 0.42 0.59 0.67
blue collar 0.26 0.38 0.5 0.56
White collar 0.3 0.44 0.55 0.59
Previous job experience
9-12 months 0.22 0.32 0.46 0.52
12-23 months 0.31 0.44 0.6 0.67
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Table 3. Estimated duration dependence: log(time)dseline hazard function

Regression for each Estimated duration  Unobserved Covariates

Displacement year: dependence heterogeneity
1989 -0.381* (0.189) no Yes
1990 -0.532** (0.057) no Yes
1991 -0.713** (0.052) no Yes
1992 -0.543** (0.055) no Yes
1993 -0.440** (0.064) no Yes
1994 -0.439** (0.080) no Yes
1995 -0.498** (0.159) no Yes

Pooling sample -0.567** (0.026) no Yes

Note: the covariates are the same variables usedbie 5

Table 4. Estimated duration dependence: non-paramat baseline hazard function

o

months 13-18
months 19-24
months 25-30
months 31-36

-4.671* (0.841)
-5.257** (0.844)
-5.229** (0.843)
-5.736** (0.848)

Pooling sample Estimated duration Estimated dumati
dependence dependence
Unobserved heterog no yes
Covariates yes yes
months 1-6 -4.048** (0.840) -4.189** (0.970)
months 7-12 -4.583** (0.841) -4.621** (0.971)

-4.637** (0.970)
-5.171* (0.972)
-5.117** (0.971)
-5.595** (0.976)

Note: the covariates are the same variables usedhie 5
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Table 5. Transition from joblessness to employmer{hon-parametric baseline hazard function)

Model A Model B

Variables Coef. Std.Err. Coef. Std.Err
Age in the displacement year is 16-19 -0.170 0.090 -0.172 0.090
Age in the displacement year is 26 or more -0.288 0.087 -0.307 ** 0.087
Previous job occupation: trainees 0.345 0.104 0.350 ** 0.104
Previous job occupation: white collars 0.095 0.104 0.106 0.104
Previous job contract: training-at-work 0.337 0.087 0.348 ** 0.087
Previous job sector: construction -0.209 0.085 -0.204 * 0.085
Previous job sector: wholesale, automotive, repair -0.222 * 0.095 -0.211 * 0.095
Previous job sector: entertainment -0.083 0.140 -0.051 0.142
Previous job sector: transportation, communication -0.173 0.239 -0.164 0.240
Previous job sector: finance 0.157 0.344 0.145 0.345
Previous job sector: services, research, realeestat -0.364 * 0.157 -0.361 * 0.158
Previous job experience: In(months) 0.485 0.115 0.488 ** 0.115
Previous job earnings: log(real monthly wage) 0.002 0.123 -0.001 0.124
log(regional unemployment rate) -0.505 0.064
Previous working area: Northeast 0.211 * 0.100
Previous working area: Centre -0.331 ** 0.096
Previous working area: South -0.511 ** 0.092
Previous working area: Islands -0.530 ** 0.118
Displacement year is: 1990 1.255 0.226 1.271 ** 0.226
Displacement year is: 1991 1.14% 0.226 1.145 ** 0.226
Displacement year is: 1992 1.110 0.226 1.097 ** 0.226
Displacement year is: 1993 0.965 0.230 0.956 ** 0.230
Displacement year is:1994 1.130 0.240 1.090 ** 0.240
Displacement year is: 1995 1.363 0.292 1.323 ** 0.293
Baseline hazard function: month 1-6 -4.189 0.970 -5.090 ** 0.965
Baseline hazard function: month 7-12 -4.621 0.971 -5.526 ** 0.966
Baseline hazard function: month 13-18 -4.687 0.970 -5.548 ** 0.965
Baseline hazard function: month 19-24 -5.171 0.972 -6.088 ** 0.967
Baseline hazard function: month 25-30 -5.117 0.971 -6.038 ** 0.966
Baseline hazard function: month 31-36 -5.595 0.976 -6.517 ** 0.971
sigma_u 0.655 ** 0.138 0.655 0.139
Rho 0.115 ** 0.024 0.115 0.024
log-likelihood -5820.07 -5816.77

Note: the reference group is composed by blue rob@ed 20-25 years old (that suffer involuntary
separations in 1989), working with standard contriac manufacture in the Northwest; ** means

statistical significant at 1% level; * means stite significant at 5% level.
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Table 6. The determinants of post-joblessness wages

log(acceptance wage) 3SLS 3SLS
Specification 1 Specification 2
Coef. Std. Err. | Coef. Std. Err
Elapsed jobless duration: log(months) -0.039 *** 0.008 -0.042 *** 0.010
Previous job earnings: log(real monthly wages) 0.37* 0.030 1.000 .
Dummy: change in working area 0.130* 0.030 0.096 ** 0.038
Dummy: sector change -0.007 0.018| -0.027 0.022
Dummy: occupational change 0.149* 0.020 0.247 *** 0.027
Log (regional unemployment rate) -0.010 0.019 0.007 0.023
Lambda 0.167 *** 0.053| 0.007 0.060
Year dummies yes yes yes Yes
_cons 4.308 *** 0.217| -0.108 0.351
R-squared 0.1990 0.1961
Note: *** gtatistical significant at 1% level }*at 5% level; * at 10% level;
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Table 7 -. Elapsed jobless duration: first stepstimation and selection equation

First step estimation First step estimation Selection equation
(specification 1) (specification 2)
Elapsed jobless Elapsed jobless duratiop:
duration: log(months) log(months) Emp
Coef. S.E. Coef. S.E. Coef. S. E.
Previous job earnings: log(real
monthly wages) 0.079 0.135 0.152 0.135/ 0.091 0.105
age in the displacement year 0.054 0.045] 0.055 0.045 -0.055 *** 0.010
Previous job occupation: trainegs 0.046 0.123( 0.041 0.123( 0.084 0.091
Previous job occupation: white
collars -0.327 *** 0.109| -0.317 *** 0.109 0.060 0.090
Previous job contract: training-at-
work -0.273 0.217] -0.273 0.217] 0.259 *** 0.077
Previous job sector: construction 0.099 0.162] 0.098 0.162| -0.180 ** 0.074
Previous job sector: wholesale,
automotive, repair 0.25 0.14 0.249 * 0.140( -0.145 * 0.082
Previous job sector:
entertainment -0.057 0.129| -0.063 0.129| -0.039 0.120
Previous job sector: trasportatign,
communication -0.21 0.246( -0.214 0.246| -0.152 0.189
Previous job sector: finance 0.195 0.336] 0.200 0.337] 0.188 0.307
Previous job sector: services,
research, real estate 0.273 0.277] 0.274 0.278] -0.289 ** 0.131
Previous working area: Northeajst -0.361 0.141( -0.362 ** 0.141 0.157 * 0.094
Previous working area: Centre 0.278 0.2 0.281 0.201| -0.243 *** 0.084
Previous working area: South 0.493 0.253( 0.499 ** 0.253| -0.305 *** 0.080
Previous working area: Islands 0.534 0.314| 0.538 * 0.314| -0.379 *** 0.098
Displacement year: 1990 -1.163 0.852| -1.178 0.853] 0.904 *** 0.155
Displacement year: 1991 -1.193 0.726| -1.208 * 0.726| 0.722 *** 0.154
Displacement year: 1992 -1.084 0.763[ -1.096 0.764) 0.775 *** 0.154
Displacement year: 1993 -1.151 0.673| -1.163 * 0.674| 0.654 *** 0.157
Displacement year: 1994 -2.11°7* 0.808| -2.136 *** 0.809 0.839 *** 0.171
Displacement year: 1995 -2.98%* 0.839| -2.991 *** 0.839 0.855 *** 0.232
Tenure: log(months) -0.462 0.275 -0.459 * 0.275| 0.336 *** 0.101
Worker eligibility extension 1994  -0.34 0.245| -0.348 0.245
Employer eligibility criteria 1994 1.699** 0.116 1.704 *** 0.116
Lambda -1.645 1.383[ -1.687 1.384
_cons 3.185 1.994] 2.678 1.995 -0.696 0.810

Note: the reference group is composed by blue olfhat suffer involuntary separations in 1989, kirmy with
standard contract in manufacture in the Northw&gtmeans statistical significant at 1% level; **eans statistical
significant at 5% level; * means statistical sigzaht at 10% level;
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APPENDIX 1

OLS estimation of the wage equation

The Mincerian wage regression is also estimatearoynary least squares (with and without selegtivit
adjustment).

Table A 1:0LS estimation of the determinants opost-joblessness wages

log(acceptance wage) OLS OLS + Heckman

Coef. Std. Err. | Coef. Std. Err.
Elapsed jobless duration: log(months) -0.012 0.008| -0.014 * 0.008
Previous job earnings: log(real monthly wages) B.38* 0.026 0.371 *** 0.027
Dummy: change in working area 0.139* 0.032| 0.126 *** 0.032
Dummy: sector change 0.005 0.019| -0.007 0.019
Dummy: occupational change 0.135* 0.020 0.145 *** 0.020
Log (regional unemployment rate) 0.019 0.017] -0.014 0.020
Lambda no No 0.157 *** 0.050
Year dummies yes Yes yes yes
_cons 4.303 **+* 0.357| 4.288 *** 0.353
R-squared 0.1886 0.1952

Note:  ** means statistical significant at 1% &y ** means statistical significant at 5% levelneans statistical
significant at 10% level,

Not surprisingly, the noticeable difference witle ttesults of simultaneous estimation is the impact
of elapsed jobless duration: here an increasebilegs duration of 10% is estimated to lower future
wages by a mere 0.12% (0.14% with selectivity adjest). All the other coefficient estimates are
very similar to those obtained with simultaneousestion.

The fact that the 3SLS estimate is larger (in alisovalue) than the OLS estimate may appear
counterintuitive if workers exiting jobless spedliger are negatively selected based on ability. The
explanation runs as follows: we know that the nambf re-entering workers who have
experienced a very long unemployment spell is ikedt small, given that our observation window
ends in 1998: between ¥ and 1/3 of all the entrfaate 1992 onwards will not be observed if the
unemployment spell exceeds 3 years (table 2). Thed)ave a problem of selection due to end-of-
period truncation. Let T be the threshold (aaregnot necessarily a point) beyond which few
observations are at hand. It is reasonable to assbat the wage reduction as a consequence of
joblessness will reach a negotiated floor belowaolwtew will go (the minimum wage in countries

other than ltaly). The wage schedule as a funafgnblessness will therefore be negatively sloped
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and upwards concave, becoming horizontal approgchive floor (or kinked near T) .
Simultaneous estimation of our log-specificatioocaunting for selectivity, will therefore mainly
catch the observations placed to the left of T,levtiie OLS estimate will reflect the full sample
composition. This being the case, the coefficiehthe elapsed jobless duration will be more

negative under simultaneous estimation than ir0h8 version.

0LS estimate without selection
‘wage e |
i¥ estimate (not
all the very long =

unemployment spells
are nbserved)

waqge floor = MW OBSERVATIONS BEYOHD T
minimum
wage
' unemplyment
Iy duration =
MAHY DESERYATIONS BERIRE T T inability
APPENDIX 2

The validity of the two instruments correspondiagblicy changes used to identify egs. (3) andq4¢sted
by estimating the post-jobless wage equation (fipation 1) with their inclusion among the regrasso
Table APP_2 shows that the null hypothesis statiag both coefficients are zero cannot be rejectdd.
Table APP_3 a similar test is performed on a nstniagent null hypothesis stating that all theyious job
attributes have zero coefficients in the post-jeblacceptance wage. Here too, the null of allficberits

being equal to zero cannot be rejected, suggestagalidity of such attributes as potential instents.

Table A 2 = Test for validity of instruments (twopolicy changes)
Ho:
1 [log(acceptance wage)] Worker eligibility extensit®94
2 [log(acceptance wage)] Employer eligibility criger1994
chi2( 2)= 3.30
Prob > chi2= 0.1918
Table A_3 = Test for validity of instruments (previous job
attributes)
Ho:
1 [log(acceptance wage)] Worker eligibility extensit®o4
2 [log(acceptance wage)] Employer eligibility crigeri994

o

o
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10
11
12
13
14
15
16
17
18
19
20
21
22

[log(acceptance wage)] Previous job occupatiomées
[log(acceptance wage)] Previous job occupationtevtollars
[log(acceptance wage)] Previous job contract: ingiat-work
[log(acceptance wage)] Previous job sector: constm =
[log(acceptance wage)] Previous job sector: whdesaitomotive, repair=
[log(acceptance wage)] Previous job sector: eritertent
log(acceptance wage)] Previous job sector: tragport, communication
[log(acceptance wage)] Previous job sector: finance =
[log(acceptance wage)] Previous job sector: sesyimsearch, real estate
[log(acceptance wage)] Previous working area: Neasi
[log(acceptance wage)] Previous working area: @entr
[log(acceptance wage)] Previous working area: South
[log(acceptance wage)] Previous working area: tdan
[log(acceptance wage)] Displacement year: 1990
[log(acceptance wage)] Displacement year: 1991
[log(acceptance wage)] Displacement year: 1992
[log(acceptance wage)] Displacement year: 1993
[log(acceptance wage)] Displacement year: 1994
[log(acceptance wage)] Displacement year: 1995
[log(acceptance wage)] Tenure: log(months)
chi2(22) = 22.95

Prob > chi2 = 0.1923

oy
POoOoOpoooo0oocooboooooooo
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